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Abstract 
The widespread use of artificial intelligence (AI) within enterprise use cases has raised the 

demand for governance frameworks that guide ethical, transparent, secure and accountable 

deployment of AI. Although AI technologies have significant advantages in terms of operational 

efficiency and decision-making, there are also certain challenges associated with them such as 

bias, explainability, privacy, regulatory compliance, and lifecycle management. This paper 

introduces a new concept, the Responsible AI Governance Control Tower (RAI-CT), which 

represents a centralized approach to governance for enterprise-wide oversight throughout the AI 

lifecycle. The framework unifies cloud-native policy orchestration, model risk assessment, 

explainability services, continuous monitoring, compliance automation and audit management. 

The proposed governance framework will help organisations to proactively detect and tackle 

risks, thereby fostering transparency and accountability. This framework also provides a 

standardized approach to governance practices by simplifying the enforcement of policies, 

monitoring of performance, and reporting. This can strengthen the trust between people and 

improve the preparedness of the organization for regulation. Furthermore, the architecture is 

flexible and extensible, easily fitting into existing MLOps platforms and enterprise AI systems, 

enabling seamless integration and scalability across various application areas. In conclusion, the 

Responsible AI Governance Control Tower is a robust, scalable, and actionable tool for boosting 

the trustworthiness and maturity of AI adoption, minimizing operational risks, and advancing 

sustainable enterprise AI transformation.  
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I. Introduction 

Artificial Intelligence (AI) is a game-changer in the business world, helping businesses to 

streamline their operations, automate complex processes, and make better decisions based on 

data. The use of AI within enterprise applications is no longer limited to the healthcare, financial, 
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manufacturing, public services, cybersecurity or supply chain space—machine learning is being 

used more and more to inform enterprise strategic and operational decisions. These 

developments have brought clear business value, but also raised issues about fairness, 

transparency, accountability, privacy, robustness and regulatory compliance. With the increasing 

autonomy and embedding of AI systems in mission-critical applications, there is a need for 

governance processes that can ensure the use of AI throughout its life cycle in a responsible and 

trustworthy way (Lu, Zhu, Whittle, & Xu, 2023; Puchakayala, 2022). 

These traditional models of governance are generally insufficient in the context of modern AI 

ecosystems, as they generally focus on information technology governance, data governance or 

cybersecurity; they don't account for the unique nature of AI models. Unlike traditional software 

systems, AI applications can continuously evolve and learn, which can introduce biases, model 

drift, unintended consequences, and explainability issues due to data changes, model retraining, 

and dynamic environments. These traits require a framework of governance that can 

continuously monitor AI activity, assess risks, implement organizational policies, and keep 

transparency during the development, deployment, and operation of AI (Lu et al., 2021; 

Alzubaidi et al., 2023). 

Responsible AI has become a multi-faceted approach that encompasses ethical considerations, 

technical measures, organizational accountability, and regulatory compliance throughout the 

development and application of AI systems. Responsible AI goes beyond governance as a post-

deployment activity, advocating for the integration of principles of fairness, explainability, 

privacy protection, human oversight, and accountability throughout the AI lifecycle. Businesses 

that embrace responsible AI are better equipped to mitigate operational risks, boost stakeholder 

trust, safeguard against legal and ethical norms, and deliver superior decision-making outcomes. 

As such, enterprise digital transformation strategies now include responsible AI governance (Lu, 

Zhu, Whittle, & Xu, 2023; Burr & Leslie, 2023).  

Trustworthy AI is not just about the performance of AI models; it's also about having structures 

that can provide ethical assurances, constant monitoring, and clear decision-making. Ethical 

assurance frameworks promote thorough assessment of AI systems through governance policies, 

risk assessments, documentation guidelines, and external oversight structures. Likewise, 

trustworthy AI frameworks emphasise the need for explainability, fairness, robustness, safety, 

and accountability as key characteristics for sustainable AI usage. These viewpoints highlight the 

need for robust governance frameworks to ensure responsible AI outcomes, which involve 

integrating organizational policies, operational controls, and ongoing monitoring (Burr and 

Leslie, 2023; Sharma, 2023; Matta and Bolli, 2023). 

Even as there has been a broader understanding of responsible AI, there is still a tendency for 

organizations to have disjointed governance models that aren't connected on a single plane 
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between data science teams, compliance teams, information security teams and business 

stakeholders. This disjointed approach leads to a lack of policy enforcement, overlapping 

governance processes, poor traceability of model effectiveness and a lack of documentation for 

regulatory audits. In addition, enterprise AI deployments are often spread across multiple cloud 

regions, across diverse machine learning platforms and across distributed development teams, 

adding to the complexity of governance and making centralized oversight even more 

challenging. The challenges outlined above highlight the need to create an AI governance 

framework that is able to coordinate responsible AI activities in the enterprise ecosystem 

(Ricciardi Celsi, 2023; Sharma, 2023). 

In order to overcome these challenges, this study suggests the concept of Responsible AI 

Governance Control Tower (RAI-CT) for enterprise AI systems' centralized governance. The 

proposed framework will have the following characteristics to ensure unified oversight: Policy 

orchestration, Model registration, Automated risk assessment, Explainability services, Fairness 

evaluation, Continuous monitoring, Compliance management, and Audit reporting will all be 

combined in a governance framework. The governance control tower is not a compliance tool, 

but a single platform for enterprise-wide coordination, with responsible AI controls integrated 

and embedded into AI development, deployment and operational processes. Such an approach 

supports proactive risk management while promoting consistency, transparency, and 

accountability across diverse AI applications (Lu et al., 2021; Burr & Leslie, 2023). 

The proposed framework also aligns governance with enterprise AI lifecycle management by 

integrating seamlessly with MLOps pipelines, model registries, cloud-native infrastructures, and 

organizational governance processes. Through automated policy enforcement and continuous 

performance monitoring, the framework enables organizations to identify emerging risks, detect 

model drift, assess fairness, generate explainable outputs, and maintain comprehensive audit 

trails without significantly disrupting existing AI operations. This integration enhances 

governance efficiency while reducing administrative burdens associated with manual compliance 

reviews and fragmented oversight processes (Alzubaidi et al., 2023; Matta & Bolli, 2023). 

The primary objective of this study is to develop a practical and scalable governance framework 

that strengthens trustworthy AI adoption within enterprise environments. Specifically, the study 

seeks to establish architectural components, governance workflows, and operational mechanisms 

that support continuous oversight of AI systems while improving transparency, accountability, 

regulatory readiness, and organizational trust. By operationalizing responsible AI principles 

within a centralized governance architecture, the proposed Responsible AI Governance Control 

Tower contributes a practical blueprint for organizations seeking to govern increasingly complex 

AI ecosystems while balancing innovation with responsible risk management (Lu, Zhu, Whittle, 

& Xu, 2023; Puchakayala, 2022; Ricciardi Celsi, 2023). 
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II. Foundations of Responsible AI Governance 

Responsible AI governance provides the organizational, technical, and ethical foundation for 

designing, developing, deploying, and maintaining artificial intelligence systems that are 

transparent, fair, accountable, secure, and compliant with regulatory expectations. As AI 

becomes embedded in critical business operations, governance frameworks are essential for 

ensuring that AI systems consistently align with organizational objectives, societal values, and 

legal requirements. Rather than functioning as a standalone compliance activity, responsible AI 

governance integrates policies, operational controls, risk management, and continuous 

monitoring throughout the AI lifecycle to promote trustworthy and sustainable AI adoption (Lu 

et al., 2023; Sharma, 2023). 

A. Principles of Responsible AI 

The principles of responsible AI establish the core values that guide the development and 

operation of trustworthy AI systems. Fairness requires organizations to identify, assess, and 

mitigate algorithmic bias to ensure equitable outcomes across diverse populations. Transparent 

AI systems should provide understandable explanations for automated decisions, allowing 

stakeholders to evaluate model behavior and build confidence in AI-assisted decision-making. 

Explainability techniques further enhance transparency by revealing the reasoning behind model 

predictions, thereby supporting both technical validation and regulatory accountability (Matta & 

Bolli, 2023; Puchakayala, 2022). 

Accountability is another critical principle, requiring clearly defined governance roles, oversight 

mechanisms, and audit trails that enable organizations to assign responsibility for AI decisions 

and system performance. Human oversight remains essential, particularly for high-risk AI 

applications where automated decisions may significantly affect individuals or organizational 

operations. Human-in-the-loop governance ensures that AI recommendations can be reviewed, 

challenged, or overridden when necessary, reducing operational and ethical risks (Burr & Leslie, 

2023; Lu et al., 2023). 

Privacy and security are equally fundamental components of responsible AI governance. 

Organizations must implement robust data governance practices, secure data processing 

mechanisms, and continuous cybersecurity monitoring to protect sensitive information 

throughout the AI lifecycle. Integrating privacy-by-design principles with AI development 

strengthens public trust while supporting compliance with evolving regulatory standards. 

Continuous monitoring further enables organizations to detect model drift, emerging 

vulnerabilities, and unexpected behaviors before they negatively affect operational performance 

(Alzubaidi et al., 2023; Puchakayala, 2022). 
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B. Enterprise AI Governance Frameworks 

Enterprise AI governance frameworks provide structured methodologies for operationalizing 

responsible AI principles across organizational processes. These frameworks define governance 

policies, assign stakeholder responsibilities, establish model lifecycle controls, and implement 

continuous oversight mechanisms that ensure AI systems remain trustworthy after deployment. 

Effective governance frameworks integrate ethical considerations into every stage of AI 

development, from data acquisition and model design to deployment, monitoring, and retirement 

(Lu et al., 2021; Sharma, 2023). 

Ethical assurance has emerged as a practical governance approach that embeds ethical evaluation 

into software engineering practices through continuous assessment, documentation, stakeholder 

engagement, and evidence-based governance. Rather than treating ethics as a one-time review 

activity, ethical assurance promotes continuous verification that AI systems satisfy fairness, 

accountability, transparency, and safety objectives throughout their operational lifecycle (Burr & 

Leslie, 2023). 

Risk-aware governance further strengthens enterprise AI management by incorporating 

systematic risk identification, impact assessment, and mitigation strategies into organizational 

decision-making. This approach enables organizations to balance innovation with responsible 

deployment by evaluating technical, ethical, legal, operational, and societal risks before AI 

systems are implemented at scale. Continuous governance also supports adaptive policy 

refinement as AI technologies evolve and regulatory expectations mature (Ricciardi Celsi, 2023; 

Alzubaidi et al., 2023). 

Collectively, responsible AI principles and enterprise governance frameworks establish the 

foundation for centralized governance architectures such as the Responsible AI Governance 

Control Tower. By integrating ethical assurance, risk management, explainability, continuous 

monitoring, and organizational accountability into a unified governance ecosystem, enterprises 

can strengthen AI trustworthiness while improving operational resilience and regulatory 

preparedness (Lu et al., 2023; Sharma, 2023). 

Table 1. Core Principles and Governance Components of Responsible AI 

Frameworks 

Responsible AI 

Principle 

Governance 

Component 

Enterprise 

Implementation 

Expected Outcome 

Fairness Bias assessment 

and mitigation 

Continuous fairness testing 

and model validation 

Reduced 

discriminatory 

outcomes 

Transparency Explainability 

mechanisms 

Explainable AI dashboards 

and decision traceability 

Increased stakeholder 

trust 



International Journal of Technology Management & Humanities (IJTMH) 

e-ISSN: 2454 – 566X, Volume 10, Issue 04, (December, 2024), www.ijtmh.com 

 
 

 

December 2024  www.ijtmh.com 366 | Page 

Accountability Governance 

policies and audit 

controls 

Role-based oversight, 

documentation, and audit 

logging 

Improved governance 

and compliance 

Privacy and 

Security 

Data governance 

and cybersecurity 

controls 

Privacy-by-design, secure 

data management, and 

continuous monitoring 

Enhanced data 

protection and 

regulatory compliance 

Human 

Oversight 

Human-in-the-loop 

decision review 

Expert validation of high-

risk AI decisions 

Greater reliability and 

ethical decision-

making 

Risk 

Management 

Continuous AI risk 

assessment 

Model monitoring, drift 

detection, and risk scoring 

Proactive 

identification and 

mitigation of AI risks 

 

III. Responsible AI Governance Control Tower Framework 

A. Architectural Components 

The Responsible AI Governance Control Tower (RAI-CT) provides a centralized governance 

architecture that oversees AI systems throughout their lifecycle, ensuring that models operate in 

accordance with organizational policies, ethical principles, and regulatory requirements. Rather 

than functioning as a standalone compliance tool, the framework integrates governance directly 

into AI development, deployment, monitoring, and retirement processes. This unified approach 

enables organizations to maintain consistency across multiple AI applications while improving 

accountability and operational transparency (Lu et al., 2023; Sharma, 2023). 

The framework consists of five interconnected components that collectively strengthen 

trustworthy AI implementation. The Governance Orchestrator serves as the central policy engine 

by coordinating governance rules, approval workflows, and organizational responsibilities. The 

Model Risk Scoring Engine continuously evaluates AI models for fairness, bias, explainability, 

privacy exposure, robustness, and operational risks to support proactive risk mitigation 

(Puchakayala, 2022; Alzubaidi et al., 2023). The Explainability and Transparency Hub generates 

interpretable explanations that improve stakeholder confidence and facilitate responsible 

decision-making in high-impact applications (Matta & Bolli, 2023). The Continuous Monitoring 

Layer detects model drift, performance degradation, and emerging fairness issues during 

production, while the Audit and Compliance Console maintains immutable governance records, 
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compliance reports, and decision logs that simplify internal and external audits (Burr & Leslie, 

2023; Sharma, 2023). 

By integrating these architectural components into enterprise AI ecosystems, organizations 

establish continuous governance capabilities that enhance transparency, improve operational 

resilience, and strengthen public trust in AI-enabled decision systems (Lu et al., 2021; Ricciardi 

Celsi, 2023). 

Fig 1: Governance maturity scores are illustrative percentage values on a 0–100 scale. Higher 

scores indicate stronger maturity across governance policies, fairness management, 

explainability, continuous monitoring, and regulatory compliance. The comparison represents 

progressive development from traditional governance to partially integrated governance and a 

Responsible AI Governance Control Tower.  

B. Governance Workflows 

The Responsible AI Governance Control Tower operationalizes governance through 

standardized workflows that ensure responsible practices are consistently applied throughout the 

AI lifecycle. The governance process begins with AI model registration, where models are 

documented with metadata, intended use, ownership, risk classification, and applicable 

governance policies before deployment. Automated policy validation then verifies compliance 

with organizational standards for fairness, privacy, explainability, security, and accountability 

before approval is granted (Lu et al., 2023; Burr & Leslie, 2023). 
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Following deployment, the framework performs continuous fairness assessments, explainability 

evaluations, and performance monitoring to identify bias, model drift, and emerging operational 

risks. When governance thresholds are exceeded, automated alerts initiate corrective actions such 

as model retraining, policy review, or human oversight to maintain trustworthy performance. 

Throughout the operational lifecycle, governance activities are documented within an auditable 

repository that supports regulatory reporting, organizational accountability, and continuous 

governance improvement (Lu et al., 2021; Alzubaidi et al., 2023). 

The governance workflow further promotes collaboration among data scientists, compliance 

officers, business stakeholders, and executive leadership by providing centralized visibility into 

governance metrics and AI performance. This integrated workflow reduces manual governance 

activities, improves decision traceability, and strengthens enterprise readiness for evolving 

regulatory expectations while enabling scalable deployment of trustworthy AI across multiple 

business domains (Puchakayala, 2022; Sharma, 2023; Ricciardi Celsi, 2023). 

IV. Enterprise Implementation and Risk Management 

A. Integration with Enterprise AI Ecosystems 

Successful implementation of a Responsible AI Governance Control Tower (RAI-CT) requires 

seamless integration with enterprise AI ecosystems to ensure that governance activities are 

embedded throughout the AI lifecycle rather than applied as isolated compliance checks. The 

governance framework should connect with existing MLOps platforms, model registries, cloud 

infrastructures, and data pipelines through standardized APIs and automated workflows. This 

integration enables organizations to enforce governance policies consistently during model 

development, testing, deployment, monitoring, and retirement while minimizing operational 

disruption (Lu et al., 2021; Lu et al., 2023). 

A centralized governance architecture should support continuous collaboration among data 

scientists, software engineers, compliance officers, and business stakeholders. Automated policy 

validation, version control, model documentation, and approval workflows improve traceability 

while reducing manual governance activities. Continuous monitoring services further provide 

real-time visibility into model performance, fairness, explainability, security, and regulatory 

compliance, allowing organizations to identify governance issues before they affect operational 

systems (Burr & Leslie, 2023; Sharma, 2023). 

B. Risk Assessment and Trustworthiness 

Enterprise AI governance depends on systematic risk assessment that evaluates technical, ethical, 

operational, and regulatory risks throughout the model lifecycle. Risk assessment should include 
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fairness evaluation, explainability analysis, privacy protection, cybersecurity resilience, model 

robustness, and performance monitoring to ensure AI systems remain trustworthy under 

changing operational conditions. Organizations should adopt dynamic risk scoring models that 

continuously assess AI behavior and trigger governance interventions when predefined 

thresholds are exceeded (Puchakayala, 2022; Alzubaidi et al., 2023). 

Trustworthiness can be strengthened through continuous model validation, drift detection, bias 

monitoring, explainable decision-making, and comprehensive audit logging. These capabilities 

improve organizational confidence while supporting compliance with evolving governance 

requirements. Risk-aware governance also encourages responsible innovation by balancing 

technological advancement with ethical accountability, ensuring that AI systems remain 

transparent, reliable, and aligned with organizational objectives (Matta & Bolli, 2023; Ricciardi 

Celsi, 2023). 

Table 2. Enterprise AI Governance Risks, Mitigation Strategies, and Expected 

Outcomes 

Enterprise AI Risk Governance Strategy Expected Organizational 

Outcome 

Algorithmic bias Continuous fairness assessment 

and bias mitigation 

Improved equitable AI decision-

making 

Model drift Real-time monitoring and 

automated retraining alerts 

Sustained prediction accuracy 

and reliability 

Limited 

explainability 

Explainable AI techniques and 

transparent reporting 

Increased stakeholder trust and 

accountability 

Privacy and data 

misuse 

Privacy-preserving data 

governance and access controls 

Enhanced regulatory compliance 

and data protection 

Regulatory non-

compliance 

Automated policy enforcement and 

compliance monitoring 

Reduced legal and operational 

risks 

Security 

vulnerabilities 

Continuous security assessment 

and threat monitoring 

Stronger resilience against cyber 

threats 
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Fig 2: Governance performance scores are illustrative percentage values on a 0–100 scale. 

Higher scores indicate stronger enterprise capabilities in fairness, explainability, compliance 

readiness, model monitoring, risk detection, and audit readiness. The comparison illustrates the 

expected improvement following implementation of a Responsible AI Governance Control 

Tower.  

V. Benefits, Challenges, and Future Directions 

A. Benefits of the Responsible AI Governance Control Tower 

The Responsible AI Governance Control Tower (RAI-CT) provides a centralized mechanism for 

managing responsible AI practices across the enterprise. By integrating governance policies into 

the AI lifecycle, organizations can improve consistency in model assessment, documentation, 

monitoring, and accountability. Such an approach supports the systematic identification and 

mitigation of risks rather than relying solely on post-deployment interventions (Lu et al., 2023; 

Lu et al., 2021). 

A major benefit is improved transparency and explainability. The integration of explainability 

services enables stakeholders to understand how AI systems produce decisions, which can 

strengthen confidence in high-impact applications. Fairness assessment can also help identify 
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discriminatory patterns and support corrective action before and during deployment (Matta & 

Bolli, 2023). 

The framework can further strengthen accountability and regulatory readiness by maintaining 

governance records, risk assessments, monitoring results, and audit trails. Ethical assurance 

requires responsible practices to be incorporated throughout design, development, and 

deployment rather than treated as an isolated compliance activity (Burr & Leslie, 2023). 

Centralized governance can therefore reduce fragmented oversight while supporting more 

systematic risk management (Puchakayala, 2022; Sharma, 2023). 

B. Challenges of Implementation 

Despite these benefits, implementing an enterprise-wide governance control tower presents 

several challenges. Organizations may need to integrate governance mechanisms with 

heterogeneous AI platforms, legacy systems, model registries, and MLOps pipelines. Differences 

in data structures, model architectures, organizational policies, and risk thresholds can 

complicate standardization (Lu et al., 2021). 

Another challenge concerns the measurement of AI trustworthiness. Fairness, explainability, 

robustness, privacy, and accountability cannot always be represented through a single universal 

metric. Effective governance therefore requires context-sensitive risk assessment and continuous 

evaluation (Alzubaidi et al., 2023). Excessive governance controls may also slow innovation if 

approval processes become unnecessarily complex. 

Furthermore, the rapid development of AI technologies creates a continuing governance 

challenge. Organizations must balance innovation with appropriate risk controls, particularly 

where emerging technologies introduce capabilities that existing policies may not adequately 

address (Ricciardi Celsi, 2023). Governance frameworks must consequently remain adaptable 

while preserving clear accountability and ethical assurance (Burr & Leslie, 2023). 

C. Future Directions 

Future development of the RAI-CT should focus on automated and adaptive governance capable 

of responding to changing model behavior, organizational policies, and regulatory requirements. 

Greater integration with generative AI, large language models, multimodal systems, and 

autonomous AI agents would expand the framework's applicability. 

Research should also investigate more sophisticated risk-scoring mechanisms that combine 

technical performance with fairness, explainability, privacy, security, and organizational impact. 

This direction is consistent with the need for trustworthy AI systems that address risk throughout 

their lifecycle (Alzubaidi et al., 2023). 
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Finally, future implementations should develop standardized governance benchmarks for 

comparing organizational AI maturity. Such benchmarks could help organizations identify 

governance gaps, measure improvements, and establish continuous improvement programs. A 

mature governance approach should ultimately combine technical controls, organizational 

accountability, ethical assurance, and risk-aware innovation rather than treating responsible AI as 

a purely technical requirement (Sharma, 2023; Lu et al., 2023; Ricciardi Celsi, 2023). 

 

Table 3. Benefits, Challenges, and Future Directions of RAI-CT 

Dimension Major Benefits Key Challenges Future Direction 

Governance Centralized oversight 

and accountability 

Policy standardization Adaptive governance 

policies 

Fairness Continuous bias 

assessment 

Context-dependent 

fairness criteria 

Automated fairness 

monitoring 

Explainability Greater decision 

transparency 

Complexity of 

explaining advanced 

models 

Advanced and 

interactive 

explanations 

Compliance Automated 

documentation and 

auditability 

Changing regulatory 

requirements 

Continuous compliance 

monitoring 

Risk 

Management 

Proactive identification 

of AI risks 

Difficulty establishing 

universal risk metrics 

Context-aware AI risk 

scoring 

AI Operations Integration with 

MLOps and monitoring 

Heterogeneous 

enterprise environments 

Automated governance 

across AI ecosystems 
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Fig 3: Scores represent illustrative organizational performance levels; higher scores indicate 

stronger governance efficiency, transparency, fairness, regulatory readiness, and stakeholder 

trust.  

VI. Conclusion 

The Responsible AI Governance Control Tower (RAI-CT) offers a practical way to resolve 

ethical, technical, and organizational issues with enterprise AI adoption. The framework enables 

central governance activities throughout the AI lifecycle, which helps ensure the consistency of 

fairness, transparency, explainability, accountability, privacy and risk management monitoring. 

Responsible AI must be designed into the system as part of the design and development process, 

not as an afterthought or a system control (Lu et al., 2023; Puchakayala, 2022). 

The proposed framework further demonstrates the importance of integrating ethical assurance 

into operational AI processes. Automated policy enforcement, risk assessment, ongoing 

monitoring and auditability can assist organisations in identifying emerging risks and provide 

greater accountability for the decisions made with AI (Burr & Leslie, 2023; Lu et al., 2021). 

Further, explainability and fairness mechanisms foster stakeholder trust by ensuring that model 

behavior is more comprehensible and helps identify potential discriminatory outcomes (Matta & 

Bolli, 2023). 
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Having an organizational structure that links technical controls to policy, responsibilities, and 

decision-making processes is also important for effective governance (Sharma, 2023). AI 

applications can have varying degrees of societal and organizational impact, and risk-based 

governance is critical in this regard. Therefore, it is important that organizations focus on 

proportionate protections, the continuous evaluation of risks and human supervision at the 

appropriate level (Alzubaidi et al., 2023). This balance between innovation and effective 

regulation can then allow organisations to harness the benefits of AI without creating unwelcome 

side-effects or operating without responsible value creation (Ricciardi Celsi, 2023). 

In summary, the RAI-CT provides a scalable framework for adopting enterprise AI with trust 

through embedding governance across the entire AI lifecycle. It provides a focus on centralized 

oversight, automated assurance, continuous monitoring and accountability that can help 

organizations become more mature at governance and continue to be innovative and trusted by 

stakeholders.  
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